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AHaZINTHKA

[IPOAYKTHI X MADKETUHT

[Iponeccwt




.- -

-.JQ‘ -

Yro Taxoe Big Data

JlaHHbIE

Big Data 370 Habop Mep M TEXHOROTHN,
HAMPaBAEHNBIN HA MOHETH3ALMO TexHONOI'UM

 WMEIOMMXCA Y KOMNAKHM RAHHBIX

Big Data 310 Habop Mep U TEXHOIOMMU,

'HanpaBJIEHHbIM HA MOHETU3ALMIO




" HY AABA

PACCI{AH{MIMHE BOJIbLLE O BIG DATA
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Lienb BbICTYN1I€EHMA - NPOYYBCTBOBATb
4yTo TaKoe Big Data.



[loyemy J0K/1aa Ha3bliBaeTCcA
«aHTU-BBEeAEHUNE» !
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B KPYNHOM MHBECTULMOHHOM BaHKe?

1. 1M
2. 1T00M
3. 500M

no 500M
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YTO Takoe ...

#hashtag

AHTU-BBegeHUe B Big Data



YMHbIe-QeLLIeHVIFI.QQ

AHTU-BBeageHUe B Big Data

20


http://xn----itbbaptheyz5d5a4d.xn--p1ai

YMHbIe-DeLIJeHI/IFI.DQ

Kakue cenyac* cambie nonynspHbie
xewmeezau?

AHTU-BBeageHUe B Big Data

20


http://xn----itbbaptheyz5d5a4d.xn--p1ai

YMHbIe-DeLIJeHl/IFI.DQ

Kakue cenyac* cambie nonynspHbie
xewmeezau?

Cenyac® - Ha HACTOALUMM MOMEHT C Havasla BPEMEH


http://xn----itbbaptheyz5d5a4d.xn--p1ai

https://twitter.com/tophashtags

Tweets Tweets & replies
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(== Top Hashtags @TopHashtags - 9h View translation &

En France/6h: 1.#ss10 2.#lecassedusiecle
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MIHKpEMEHTaIbHOE pacnapasi/Ie/IEHHOE peLlleHne 6e3
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1. PeweHne nnoxo agantmpyeTcH
NnoJ CMeXHble 3aJa4u
e PErmoHol
« BpeMeHHble MHTepBabl

o /IDyrme MCTOYHMKU XewTeros: Instagram



2. Jltoau ganyckarT allnoKM
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MacopyOKa

List<Hashtag> list = twit.getHashtags();
list.forEach(hashtag -> {
long counter = getCurrentCounter(hashtaqg);
counter++;
setCurrentCounter (hashtag, counter);

}):



Mucopy6bKa

List<Hashtag> list = twit.getHashtags();
list.forEach(hashtag -> {
long counter = getCurrentCounter(hashtaqg);
counter—-;
setCurrentCounter (hashtag, counter);

}):
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J1aMbaa-apxXUTeKTypa
(Nathan Marz)

http://lambda-architecture.net

w
batch layer serving layer

AHTH-BBeaeHue B Big Data 39


http://lambda-architecture.net

Realtime® & Java



Realtime® & Java

e JSR-1: Real-time Specification for Java (RTSJ)



Realtime® & Java

e JSR-1: Real-time Specification for Java (RTSJ)

o «[louTn peasibHoe BpemaA» (Near realtime/Soft realtime)



Realtime® & Java

e JSR-1: Real-time Specification for Java (RTSJ)
e «[loyTH peanbHoe BpeMA» (Near realtime/Soft realtime)

e bbiCcTpble AaHHble (Fast data): BpeMAa oT MOMEHTa
NoJly4YeHUA AaHHbIX 4O MOMEHTA BblAe/IEHMA U3 HUX

LLEeHHOMN MHMOPMaLMH
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MHoOro AaHHbIX Kak pe3ysbTaT u3bbiTo4HOCTHU, immutability u
penJIMKaumum.



[IpO MarasmH M LWKOJNIbHULY

https://habrahabr.ru/post/ 147284/

http://www.nytimes.com/2012/02/19/magazine/shopping-habits.html?pagewanted=all&_ r=0

6 viona 2012 8 20:33

&NV AL O &LV

PazpaboTKa - Toprosns 3HaeT, KOraa Bbl XaeTe
pebeHKa

OaHaxab! B MarasuH Target 3awen myxyuHa v norpeboean Bbi3BaTb MeHeaXepa. B cBomx
pyKax OH CXXUMasn OrpoMHYH KMNY KYNOHOB MarasmvHa, NoJly4eHHbIX ero 404epblo.

«Mosi 4o4b nony4wuna 3To no no4yre! — npokpuyan oH. — OHa ewe B WKONY XO4AUT, a Bbl
NOCbINIAeTe er KynoHbl Ha AETCKYI0 oaexAay v namnepch!? [la Kkak Bbl cMeeTe! Bbl xoTure
TakuM cnocobomM nobyauTb WKONbHUL POXaTb?»

MeHemKep NOCMOTPEN Ha Nayky KYNOHOB HA MaTEPUHCKYIO 0AeXAY, AETCKYo Mebenb -
NEACTBUTENBHO, OHU 6bINN aApecoBaHbl AOYEPU PACCEPKEHHOr0 MYXUYUHbI. MeHeaxep
NPUHEC CBOWU U3BUHEHUA.

Yepes HECKONbKO AHEW OH NO3BOHW/ MYX4YUHE, 4TOGbI ewe pa3 u3BuHUTLCA. Mo TenedoHy
rof0C OTUA 3BYy4Yasn pacrepsHHO. «3HAEeTe, A CEPbE3HO NOroBOPWUA C AOHEPDLIO, U
BbISICHW/I0Cb, YTO B MOEM [IOME NPOUCXOAMNO TO, O YEM S COBEPLIEHHO HE aoraabiBanca. OHa
POXAET B aBrycre. [IpUMUTE MOU U3BUHEHUA» .

Kak Target y3Han, 4Tto Ago4b HepeMeHHa A0 Toro, Kak o6 3ToM CTasio U3BECTHO ee oTuy?
OTseT npocT — 6narogaps cucreMe NporHo3mposaHmnn bepemeHHoOCTH (pregnancy
prediction system), pazpaboraHHon aHanUTUKOM KoMnaxHuu HApo MNonoM. MNoa katom — 0b6o
BCEM MO NOPSAKY.

€ nome  Q searcH Ehe New York Times Magazine

Magazine

How Companies Learn Your Secrets

Andrew Pole had just started working as a statistician for Target in 2002,
when two colleagues from the marketing department stopped by his desk to
ask an odd question: “If we wanted to figure out if a customer is pregnant,
even if she didn’t want us to know, can you do that? ”

Pole has a master’s degree in statistics and another in economics, and has
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Spoink?



Spoink is a Pokemon!
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Arvados?



Arvados is a Big Datal

CY
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Horsea!?



Horsea is Pokemon!
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Seahorse?



Seahorse is a Big Data!

segnorse

VISUAL SPARK
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Pangool?



Pangool is a Big Data!
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Vulpix?

AHTU-BBeageHUe B Big Data
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http://bulbapedia.bulbagarden.net/wiki/Vulpix_(Pok%C3%A9mon)

Vulpix 1s Pokemon!

AHTU-BBeaeHUe B Big Data
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http://bulbapedia.bulbagarden.net/wiki/Vulpix_(Pok%C3%A9mon)

Summingbird?



Summingbird i1s a Big Datal

AHTU-BBeaeHUe B Big Data
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Titan?
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Titan 1s a Big Datal
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Flink?
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Flink is a Big Datal
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Feebas?



Feebas is Pokemon!
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https://pixelastic.github.io/pokemonorbigdata/

@O0 @ pixelastic.github.io/pokemonorbigdata) & () O |

Hadoop Is Big Data!

Hadoop is a distributed system for counting words.

Next question

Made by @pixelastic, inspired by this google form.
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batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

( \ ( I
batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

batch layer serving layer

http://lambda-architecture.net

AHTH-BBeaeHue B Big Data 66


http://lambda-architecture.net

J1aMbaa-apxXUTeKTypa
(Nathan Marz)

batch layer
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J1aMbaa-apxXUTeKTypa
(Nathan Marz)
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/IBe npob6sieMbl pacnpesie/IeHHbIX CUCTEM

e

There are only two hard problems in distributed

systems: 2. Exactly-once delivery 1. Guaranteed
order of messages 2. exactly-once delivery

5304 4105 W BAE2NERM

Mathias Verraes {x 2 Follow

mathiasverraes
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/IBe npob6sieMbl pacrnpefeieHHbIX CUCTEM

E Mathias Verraes {x 2+ Follow

There are only two hard problems In distributed
systems: 2. Exactly-once delivery 1. Guaranteed

order of messages 2. exactly-once delivery

B pacnpeaeneHHbIX CUCTEMAX CYLLECTBYIOT TOJIbKO ABe
cepbe3Hble npobaemsl: 2. /locTaBMTb COOOLLEHME POBHO
oaMH pa3 1. lapaHTMpoOBaTb NOPAAOK AOCTaBKMU
cooblleHmn 2. JloctaBUTb COOOLLLEHME POBHO OAMH pPas
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.Volume
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[lpOoeKTHble NMPU3HAKUN: 4V

1.Volume - (0OObembl

2.Variety - Pa3Hoob6pa3ue
3.Veracity - JloCTOBEepHOCTb

4 .Velocity - CKOpOCTb A4 8pode uysak
5.Value - UeHHOCTb 2o6opun 4V?
6.Volatility - HeyCTOMUMBOCTb
7.Visualisation - Bu3yannsauud
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Big Data - OnpepeneHune #4

“Big Data agoctaBnseT ronosHyto 60/b, B

NMPOTUBHOM CJly4ae peyb MAeT O CTapoM J0O0pOM

ETL, OLAP vuan CEP* (c)

ETL - Extract Transform Load

OLAP - Online Analytical
Processing

CEP - Complex Event Processing
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Top Hashtags @ TopHashtags - 17h

In Australia/oh: 1.#ganda 2. debate‘ﬁ"
3.#auspol 4.#4corners
5.#worldmentalnhealthday
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Twitter Usage Statistics
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